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We investigate per-task performance on RAGTruth. We find that performance across hallucination methods is highly
fragmented: different classifiers perform best depending, model, or task, with no consistent winner across settings. 

In particular, there is no clear advantage of SoTA detection methods over simple linear probes. In many cases, linear
classifiers trained on model activations match or even outperform more complex methods like ReDeEP, SAPLMA or SAE-
based classifiers. This further reinforces that current approaches may be overfitting to task-specific artifacts rather than
capturing generalizable signals of hallucination.
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Beware of spurious correlations
when searching for a

hallucination signal in the model
activations

This table shows classification results on RAGTruth
dataset (LLaMa 2 7B). LR, a simple classifier, outperforms
SoTA. We investigate whether classifiers might exploit
spurious correlations in the dataset structure as
RAGTruth has three sub-tasks which are structurally
different.

We create a naive classifier which assigns hallucinated
label to all examples from data-to-text RAGTruth subtask
which is structurally most distinct from the rest of the
dataset as it’s in JSON format.  This classifier is on par
with SoTA, further enforcing possible existence of
spurious correlations in classifiers’ features.

We performed classification experiments
cross-task on RAGTruth as shown in Table to
the right to evaluate generalization
capabilities of classifiers.

Performance dropped substantially. Both
SoTA and linear probes exhibit near-random
performance when applied OOD. This
supports our hypothesis that hallucination
detectors are latching onto task- or dataset-
specific cues.

Is it possible to classify a response from
an LLM as hallucinatory based on its

internal states? 
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Key results

SoTA

ReDeEP proxy the amount of information models
integrate from context and parametric knowledge when
generating a reply based on internal activations.

They leverage these scores to predict hallucinatory
content.

SAPLMA hypothesize that the LLM posesses some
internal notion of truth. 

They leverage raw model activations and train a simple
fully-connected neural network classifier to predict
whether a sentence was truthful or not.

We present SoTA performance on RAGTruth combined with other representation-based hallucination detection methods. 


