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Overview
A range of notable advances have been made in
areas of deepfake generation, detection and
diffusion models in recent years. To extend this
NeRF / Gaussian growing body of research, we present

Splatting / ImplicitDeepfake - a first model that produces a

2D views / video frames 3D/4D : :
after 2D deepfake /  NeRFace representanon 3D deepfake, using state-of-the-art machine

2D Deeptake on a single diffusion learning-based rendering methods such as

celebrity photo / i : :
Diffu;,i};g with Neural Radiance Fields (NeRFs)[1] and Gaussian

a prompt + EbSynth Splatting (GS)[2]. Our model can be also

| extended with NeRFace[4] to create dynamic

2D views of 2 3D S - avatars and change their facial expressions.

object / rendered | Ultimately, we can use diffusion models[5] and
video - :

Example-based Image Synthesis (EbSynth)[6] to

Figure 1. Sketch of our pipeline. The output of 2D deeptfake / Ditfusion is passed as input . . .
to a 3D/4D rendering technique. modify face avatars with simple text props.

Our method

Hybrid of the classical deepfake model and
neural rendering that can use either NeRF or GS
models. In general, we can rely on any other
approach to produce novel views from 2D
images.

The combination of 2D deepfake / Diffusion

and NeRF, GS and NeRFace works perfectly
together, resulting in plausible outcomes of

noticeably high quality. We should stress that
Figure 2 Results of ImplicitDeepfake using NeRF and GS. The first three images show an

. . . . the user can choose any 2D deepfake to achieve
anonymous 3D face, the fourth is a celebrity photo. The next three images display base poses T 1 diffus: q bl
processed by a classical 2D deepfake, and finally rendered in 3D. The last two rows illustrate our similar results. For diffusion, we used Stable
method's ability to handle dissimilar faces, highlighting gender differences. Diffusion.

Reproduction

A set of photos or video with camera positions
of a 3D face is passed through deepfake
model[3] or diffusion modell5]. In this way, we
obtain input for the 3D/4D rendering method

using either a single photo of the target person
| . ! ' | .. | or a given prompt in the case of diffusion.

Figure 3. Results of ImplicitDeepfake training using NeRFace: original video frames (first References
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